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(57) ABSTRACT

A method of detecting a predefined set of characteristic points
of'a face from an image of the face includes a step of making
the shape and/or the texture of a hierarchy of statistical mod-
els of face parts converge over real data supplied by the image
of the face.
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1
METHOD FOR DETECTING A PREDEFINED
SET OF CHARACTERISTIC POINTS OF A
FACE

The present invention relates to the area of image process-
ing. It is more particularly about the detection and the moni-
toring of characteristic points of a face.

CONTEXT OF THE INVENTION AND
PROBLEMS POSED

The identification of characteristic points of a face in an
image displays numerous applications, which cover particu-
larly safety or augmented reality.

In this latter area, virtual testing of entirely automatic
glasses, for example, can be cited, that is to say, the superim-
position on a screen of a real image of a user’s face, and a
virtual image of a pair of glasses of which the characteristic
parameters, such as shape and texture, have been previously
memorised.

It is thus important to be able to detect the characteristic
points of a face from a single image of a user. This method is
called alignment of the face.

Amongst the methods of alignment, methods of statistical
establishment of a model can be cited. These formally include
two phases:

a learning phase, which consists of creating the statistical

model, and

a detection phase, which consists of making the shape

and/or the texture of the model converge over real data.

The three main algorithms using the statistical models are
ASMs (Active Shape Models), AAMs (Active Appearance
Models) and CLMs (Constrained Local Models).

In the learning phase, the ASMs only model the shape (set
of points connected to each other) of an object, the AAMs
model the shape and the texture (pixels contained inside the
convex cover of the shape), and the CLMs model the shape
and the texture patches (pixels contained in a neighbouring
area on each point of the shape).

In the detection phase, the ASMs, like the CL.Ms, make the
shape of the object converge in accordance with the response
surfaces (which are one-dimensional for the ASMs and two-
dimensional for the CLMs), the texture of the CLM statistical
model is static or updated through predictions. While for the
AAMs, the convergence happens jointly on the texture and
the shape (with gradient descent methods), the texture of the
model looks to best approximate the texture of the image on
which the detection takes place.

The CLMs have the advantage of being more resolute to
occultations and changes of appearance, but are more sensi-
tive to local minimums. The AAMs are more resolute oppo-
site local minimums, but the convergence of the texture is
problematic in gradient descent methods (a problem of trian-
gulation of the shape of which the function of deforming the
network must always create a smooth network), and the
AAMs adapt themselves less to the variability of the faces.

These various algorithms, are not therefore totally
adequate.

ANALYSIS OF THE INVENTION

The present invention aims for, according to a first aspect,
a method of detecting a predefined set of characteristic points
of a face from an image of this face.

The method comprises a group of steps 300-400, which
consists of making the shape and/or the texture of a hierarchy
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2

of statistical models of face parts converge, over real data
supplied by the image of the face.

In the literature, this method of detecting or identifying
characteristic points is also called face reconstruction, in that
it then allows the reconstruction of the three-dimensional
shape and the position of the face, and therefore to calculate,
if needed, various dimensions, for example, in the framework
of testing pairs of virtual glasses.

Preferably, the statistical models used are Patches Active
Appearance Models (PAAMs). These are advantageously
created from the same learning data (textures and shapes),
only the different sub-sets of points defining the shapes being
used.

It consists therefore of an algorithm of face reconstruction,
named following the Hierarchical Patches Active Appearance
Models (HPAAMSs) description.

According to a preferred implementation, the method com-
prises the use of a hierarchy of statistical models of face parts
(HPA AMSs) for the detection of points characterising simpli-
fied faces or face parts (like, for example, the eyes and the
mouth) (step 300), then a hierarchy of statistical models of the
face for the final detection (step 400).

Preferentially, the group of steps 300-400 uses a modelling
alignment method, comprising two phases:

a learning phase, which consists of creating the statistical

model, and

a detection phase, which consists of making the shape

and/or the texture of the model converge over real data.

According to a preferred implementation, the construction
of a statistical model of shape and of texture is achieved by
aligning and by standardising all the shapes and the textures,
then by carrying out a main component analysis on the
aligned shapes and on the aligned textures.

The detection method uses, in a particular case, a minimi-
sation step through an inverse compositional algorithm (ICA)
for the reconstruction of the face by making the shape p,
posture g, and texture A parameters of each statistical model
of face part converge.

In this detection phase using a Gauss Newton type
approach via the ICA algorithm, the texture, the shape and the
posture of the PAAM model are optimised so that the texture
of'each one ofthe patches converges towards the texture of the
image used for the detection.

According to an advantageous mode if implementation, the
hierarchical model is a set made up of a statistical models of
face parts (MSV1), and of a statistical model of the face
(MSV2).

According to various implementations possibly used
together:

the method comprises a step 100 of pre-processing of the

image, in order to best free it up from the light conditions
of the shot, this pre-processing comprising a histogram
equalisation.

the method comprises a step 200 of detection of the face in

the image, achieved using a Viola and Jones type algo-
rithm.

PRESENTATION OF THE FIGURES

The characteristics and advantages of the invention will be
best appreciated using the description which follows, a
description which outlines the characteristics of the invention
through an applied non-limiting example.

The description is based on the appended figures which
represent:

FIG. 1: a flow diagram of the method described here

FIG. 2: an example of a statistical model of the face.
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DETAILED DESCRIPTION OF AN
EMBODIMENT OF THE INVENTION

In the framework of the example described here, the
method according to the invention (illustrated FIG. 1) is
intended to be implemented in software form, for example by
a known microcomputer of the market.

The method works on the entry data, representative of an
image of the face of an individual.

The method and the device for acquiring the image of the
face come out as such of the framework of the present inven-
tion and are not therefore detailed before here.

Method of Functioning

The algorithm of the face alignment solution proposed
comprises four steps:

Step 100: A pre-processing of the image, in order to best
free it up from the light conditions of the shot. The pre-
processing of the image used is a histogram equalisation.

Step 200: A detection of the face in the image. The face
detection is achieved using a known Viola and Jones type
algorithm.

Step 300: A detection of face parts (like, for example, the
eyes and the mouth) in the area of the face detected at the
previous step 200. The detection of face parts consist of
making a simplified statistical face model (MSV1) of patches
active appearance model type (noted PAAM to simplify)
converge.

It should be noted that this step 300 can contain the inter-
mediary sub-steps which are not essential, but which keep the
reconstruction (that is to say, the detection of the character-
istic points of the face, allowing to reconstitute it under
whichever angle) more resolute. That consists of making a
statistical model of PAAM type converge in each sub-step,
with more and more rich or complex in number of points
and/or in size of patches. The last sub-step being the conver-
gence of the most complex simplified statistical model of the
face.

The aim of each sub-step is to make a known ICA (inverse
compositional algorithm) type algorithm converge on a sta-
tistical model before another more complex statistical model.

This ICA algorithm, allows to find in an iterative way, the
shape (p), the posture (q) and texture (M) parameters which
best correspond to the processed image.

Indeed, this allows, particularly to improve the estimation
of'the posture parameter q, which is quite imprecise, by using
the Viola and Jones detection of the face.

It should also be noted that, in a variant of implementation,
a more complex initialisation of the PAAM models can be
considered. Several instances or initialisations of the PAAM
statistical model (of the simplified face MSV1 or of a sub-
step) can, for example, be initiated inside the area of the face
found at step 200. The detected points of the parts of the face
will thus be those given by the best instance in terms of
correlation or convergence error.

Step 400: A detection of the characteristic point of the face
consists of making a PAAM type statistical model of the face
(MSV2) converge. FIG. 2 illustrates an example of a statisti-
cal model of the face.

The statistical models MSV1 and MSV2 can be created
from the same learning base, there are therefore multiplying
factors allowing to match the parameters governing the
shapes corresponding to the statistical models MSV1 and
MSV2. For example, the parameter modifying the shape of a
movement from left to right of the face for the statistical
model MSV1 is -1 time of that of the statistical model MSV2.

The initialisation of the step 400, can therefore possibly be
done, using these multiplicative factors applied to the param-
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eters found at the step 300. The other parameters not finding
correspondence can be instantiated in several positions (-0.5,
0 and 0.5 for example), only the convergence giving the
smallest error. The tests have shown that is was preferable to
consider the error given by the correlation of the texture of the
model and the texture of the image (ZNCC) instead of the
difference on the edge of these textures (SSD).

The posture (q) parameter is initialised using the step 300.

It should be noted that this step 400 can also contain inter-
mediary sub-steps, which are not essential, but which make
the reconstruction more resolute. That consists of making a
more and more complex (in terms of size of patches or reso-
Iution) PAAM type statistical model of the face converge in
each sub-step. The last sub-step being the convergence of the
most complex statistical model of the face.

It should also be noted that the parameters of initialisation
of the sub-steps can be deduced from the previous sub-step,
using the fact that the statistical models of the faces can be
created from the same learning base.

Concerning the PAAM statistical models (used in the step
300 and 400), the method of alignment by statistical model-
ling comprises two phases:

a learning phase, which consists of creating the statistical

model, and

a detection phase, which consists of making the shape

and/or the texture of the model converge over real data.

The learning phase of the PAAM statistical model by
Patches Active Appearance Models, proposed in the present
example of implementation of the invention, differs from an
algorithm of constrained local models (CLMs), on the fact
that a texture is now learnt, and in the way of carrying out the
alignment of data.

The detection phase of the PAAM model is done in a
similar way to the AAMs. A Gauss Newton minimisation is
used together on the texture, the shape and the posture of the
model, so that the texture of each one of the patches converge
towards the texture of the image used for the detection. A very
significant difference comes from the way of modifying the
shape (the way of implementing deformation functions or
‘Warp’ functions). Indeed, the convergence methods of the
AAMs call on the composition of network deformation func-
tions. But, in the case of networks, the composition in each
triangle loses network connectivity. A network being a set of
points connected by triangulation.

The advantage of this PAAM approach is that the resolu-
tion of the minimisation does not require approximation, due
to the deformation functions (or ‘Warp’), because there is no
longer a notion of network connectivity that can formalise the
problem solution in a matrix way.

In a preferred implementation, a hierarchical model face
alignment is used in the present method (noted HPAAM
simply, following the description), which is the composition
of PAAM statistical models, these models being able to be
created from the same learning data (textures and shapes).

A hierarchical model is defined as the composition of sta-
tistical models, when these statistical models are created from
the same learning data (textures and shapes). Only the differ-
ent sub-sets of points defining the shapes are used.

It is called hierarchical, because of the definition (in num-
ber of points), and therefore the semantic content of the
implied models will grow progressively.

The construction of a statistical model of shape and of
texture is, to itself, achieved by aligning and standardising all
the shapes and the textures, then by applying an principal
component analysis (noted as PCA in the description) on the
aligned shapes and on the aligned textures. The analysis of
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main component algorithms are well known by experts, and
are therefore not detailed here.

The shapes (S) are thus set in the following way: S=S+
Db, wherein S is the average shape and by, the proper
vectors given by the analysis of main component. In a similar
way, for the textures: T=T+® b,

The statistical models shown are, in the present example,
created from one hundred textures and face shapes.

A texture is the concatenation of rectangular patches cen-
tred on each point of the shape.

The hierarchical model proposed is a set made up of a
statistical model of face parts (MSV1) and a statistical model
of the face (MSV2).

An alignment of the shapes is thus carried out by a Pro-
crustes analysis, according to a known method.

The shape of the statistical model of the face MSV2 is, in
the present example of implementation, made up of fifty-one
points. It is however clear that the models using more or less
large numbers of points are useable.

Here still, an alignment of the shapes is carried out by a
Procrustes analysis, according to a known method. The tex-
ture is the concatenation of 51 rectangular patches.

In the face alignment solution shown here, as a non-limit-
ing example, a HPAAM is used for the detection of the face
parts (step 300), then a HPAAM for the face for the final
detection (step 400).

A PAAM statistical model uses two standardised param-
eters for estimation: a first parameter p, defining the shape,
and a second parameter A, defining the texture. For the varia-
tion in posture of the faces in the image (rotation, homothety,
transfer), a third parameter q (posture parameter) is for esti-
mation.

For the HPAAM part of the face parts (step 300), the
parameters p and A of the PAAM MSV1 statistical model are
initialised to 0, while the posture parameter q is estimated
using the detection of the face.

In the same way, in the case where the intermediary sub-
steps are used, the parameters p and A ofthe following PAAM
statistical models (more complex models) are initialised to O.

It should be noted that in a non-favoured embodiment (as
less resolute), the step 300 of convergence of a PAAM statis-
tical model of a MSV 1 simplified face can be removed. In this
case, several instances or initialisations of the shape param-
eter of the step 400 are thus initiated. The points of the face
detected will thus be those given by best instance in terms of
correlation or error of convergence.

The parameter A of texture is itself initialised to 0, because
the textures of the two stages (corresponding to the two levels
of resolution) are not connected. Finally, the posture param-
eter q can be directly restarted at the previous PAAM stage.

The present invention aims for, according to a second
aspect, a method of monitoring a predefined set of character-
istic points of a face in a video. Indeed, the face alignment
method described previously allows the detection of the char-
acteristic points of a face being found in the first image
makingup a video. This step particularly allows the finding of
the posture, texture and shape parameters, accounting for the
face detected. For the following images which make up the
video, such a detection is not necessary, as it is always about
the same identity, and shape and posture variations between 2
consecutive images are minimal. The monitoring therefore
consists of making a PAAM type statistical model of the face
(MSV2) converge successively for each image. The param-
eters simply being initialised using parameters found for the
previous image.

For each point linked with the patch, it is possible to estab-
lish direct comparisons between the images, and thus to allow
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the scattered 3D reconstruction of the model of the face,
together with its 3D monitoring along the video sequence,
according to classic expert beam adjustment techniques.

Advantages of Embodiment

A HPAAM face alignment algorithm allows the detection
of characteristic points of a face by freeing up the most
possible conditions of shots of images (induced by the acqui-
sition system or by lighting up the scene), and of the varia-
tions belonging to the face (identity, posture, expression).

It should be noted that the choice of a deformable model by
patch has the advantage of creating less dependence on light-
ing up, less dependence on face expression, and avoiding the
problem of network connectivity in relation to a complete
deformable model.

The reconstruction by proposed patch has shown its effec-
tiveness on databases of faces containing a great variation in
identities, postures and levels of light.

Variants of Embodiment

The range of the present invention is not limited to details
of shapes of embodiment considered above as examples, but
on the contrary, extends to modifications accessible to
experts.

The invention claimed is:

1. A method of detecting a predefined set of characteristic
points of a face from an image of this face, which comprises
the step of:

obtaining the characteristic points by making a shape and/

or a texture of a hierarchy of statistical models of face
parts converge over real data supplied by the image of
the face by using statistical models of the Patches Active
Appearance Models (PAAM) type.

2. The method according to claim 1, further comprising the
steps of using a hierarchy of statistical models of simplified
faces (HPAAM) for the detection of face parts (step 300), then
using a hierarchy of statistical models of the face for the final
detection (step 400).

3. The method according to claim 1, wherein the steps use
a modelling alignment method, comprising two phases:

a learning phase, which consists of creating the statistical

model, and

a detection phase, which consists of making the shape

and/or the texture of the statistical model converge over
real data.

4. The method according to the claim 3, wherein the cre-
ation of a statistical model of shape and of texture is achieved
by aligning and by standardizing all the shapes and the tex-
tures, then by applying an analysis of main component on the
aligned shapes and on the aligned textures.

5. The method according to claim 2, wherein the statistical
models are created from the same learning data (textures and
shapes), only from different sub-sets of points defining the
shapes being used.

6. The method according to claim 1, further comprising a
step of minimization by an inverse compositional algorithm
(ICA) for the detection of characteristic points of the face by
making the parameters of shape p, of posture q and of texture
A of each statistical model of face part converge.

7. The method according to claim 3, wherein in the detec-
tion phase of the PAAM model, a Gauss Newton minimiza-
tion is used, together on the texture, the shape and the posture
of'the model, so that each one of the patches converge towards
the texture of the images used for the detection.

8. The method according to claim 1, wherein the hierarchi-
cal model is a set made up of a statistical model of a simplified
face (MSV1), and a statistical model of the face (MSV2).



US 9,262,695 B2

7

9. The method according to claim 1, further comprising a
step (100) of pre-processing the image, in order to best free up
lighting conditions of the shot, this pre-processing compris-
ing a histogram equalization.

10. The method according to claim 1, further comprising a
step (200) of detecting the face in the image, achieved using
a Viola and Jones type algorithm.

11. The method according to claim 2, wherein the steps use
a modelling alignment method, comprising two phases:

a learning phase, which consists of creating the statistical

model, and

a detection phase, which consists of making the shape

and/or the texture of the statistical model converge over
real data.

12. The method according to claim 4, wherein in the detec-
tion phase of the PAAM model, a Gauss Newton minimiza-
tion is used, together on the texture, the shape and the posture
of'the model, so that each one of the patches converge towards
the texture of the images used for the detection.

13. The method according to claim 5, wherein in the detec-
tion phase of the PAAM model, a Gauss Newton minimiza-
tion is used, together on the texture, the shape and the posture
of'the model, so that each one of the patches converge towards
the texture of the images used for the detection.

14. A method according to claim 1, wherein the obtaining
step obtains the characteristic points by making the shape of
the hierarchy of statistical models of face parts converge over

8

real data supplied by the image of the face by using statistical
models of the Patches Active Appearance Models (PAAM)
type using a plurality of detected rectangular patches of the
image of the face.

15. A method according to claim 1, wherein the obtaining
step obtains the characteristic points by making the texture of
the hierarchy of statistical models of face parts converge over
real data supplied by the image of the face by using statistical
models of the Patches Active Appearance Models (PAAM)
type, and the texture is a concatenation of a plurality of
detected rectangular patches of the image of the face.

16. A method according to claim 1, wherein the obtaining
step obtains the characteristic points by making the shape and
the texture of the hierarchy of statistical models of face parts
converge over real data supplied by the image of the face by
using statistical models of the Patches Active Appearance
Models (PAAM) type using a concatenation of a plurality of
detected rectangular patches of the image of the face.

17. A method of monitoring a predefined set of character-
istic points of a face in a video,

which comprises detecting characteristic points of the face

for a first image making up the video; and making a
shape and/or texture of a statistical model of face parts
converge over real data supplied by subsequent images
making up the video, the statistical model used being a
Patches Active Appearance Model (PAAM) type.
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